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Abstract

How would one classity an apple fruit versus an apple phone? Typically as a fruit and a technology device. However some modern systems for classitying patents are insufficent and would be unable to
differentiate between the two and cluster both based on their containing the word ‘apple’. Our task with iPELINT is to build upon solutions to better visualize how USPTO( United States Patent and Trademark
Office) art unit's change over time. An art unit is a group of USPTO examiners specializing in a specific technology area. Our end product helped establish a data-driven system for conducting forensic analysis of
USPTO patent examiner dockets using vector embeddings and internal data pipelines. We used mongoDB for our database, JavaScript and Python for our backend, and NuxtJS and Vue for our frontend. Our 5
phases of development are as follows. 1. Data Aggregation and Preparation. 2. Centroid Calculation and Art Unit Profiling. 3. Deviation Analysis and Scoring 4. Visualization and interpretation Framework.
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